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Abstract

Accurate forecasting of electricity load, renewable generation, and market prices is critical
for operational efficiency and risk management in modern power systems. This presentation
compares the performance of the Temporal Fusion Transformer (TFT) against traditional and
deep learning baselines—Generalized Linear Models (GLM) for load forecasting and
Convolutional Neural Network—Long Short-Term Memory (CNN-LSTM) networks for
photovoltaic (PV) generation and price forecasting. Using real-world datasets, we evaluate
models on short-term (1-3 day) horizons. Results indicate that TFT provides competitive or
superior performance in the tested short-term cases, while also offering interpretability

through attention mechanisms.
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Abstract

Accurate forecasting is vital for decision-making across domains. Forecast reconciliation
improves accuracy by leveraging complementary information across aggregation levels.
While most probabilistic reconciliation uses quantile-based methods, the broader combining
literature shows both quantile-based (vertical) and probability-based (horizontal) approaches
have merit, with the best choice depending on the dataset. Angular combining has emerged as
a flexible framework that interpolates between these extremes, producing distributions with
means equal to the average of individual forecasts and controllable variance—lower than
vertical and higher than horizontal under certain conditions. We extend angular combining to
probabilistic reconciliation within hierarchical structures, validated on temporal hierarchies
from one to 48 hourly horizons for wind power forecasting. Our data-driven approach uses
scoring rules and cross-validation to select angular degrees and combining coefficients,
offering objective parameter criteria. Results from Sinan and Taebaek wind farms show the
method provides a unified, adaptive framework that calibrates automatically to dataset

characteristics rather than enforcing a binary reconciliation choice.
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